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1 INTRODUCTION

Technological advancement has made digital architecture possible. Unlike most architectural styles
of the late 20th century that emerged from a theoretical purpose, digital architecture has rationalized its
position in architectural discourse and has sought to free the architectural design discipline from linguistic
and representational criticism [1]. Computers provide tools to enhance individual abilities, one of which is
architecture. As time goes by, the use of architectural software is increasing. The assimilation of digital
processes and architecture created digital architecture [2], and it leads to computational thinking and
computational design to be relevant in architecture. Computational thinking is a way of devising
computational resolutions to solve problems [3]. It serves as a foundation for computational design.

Computational design is the method of employing programming to design and alter forms and
structures [4]. There are three categories of computational design: algorithmic design, generative design, and
parametric design. We can trace "parametric design" appeared in 1971, as Moretti defined the term [5]. Then,
"generative design" emerged in 1975 in research by Mitchell [6]. In 2003, "algorithmic design" appeared in a
publication by Terzidis [7]. Parametric design is a method of parametric model creation based on particular
variables: dimensions, quantities, or geometries [8]. Generative design is a design exploration method to
produce optimum designs by employing topology optimization while facing several limitations [9].
Algorithmic design is a design procedure that utilizes algorithms: Visual Programming Language (VPL) and
Textual Programming Language (TPL) [10]. Both generative design and algorithmic design uses algorithms.
The difference is that algorithmic design is more specific in utilizing them to achieve outcomes [11]. The
parametric design utilizes parameters. There are differences between algorithm and parametric. An
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algorithm is a set of mathematical instructions that will help calculate an answer to a problem [12].
Meanwhile, a parameter is a collection of a fixed limit that organizes or restricts how something can be done
[13].

Each computational design category has a variety of implementations. There are various applications
of algorithmic design in architecture, including 3D printing at building scale [14] or creating structurally
feasible fagades [15] and residential housing [16]. Meanwhile, the generative design also has several usages:
design exploration of various shapes [17], form-finding by using sound [18], performance-based urban form
design [19], occupancy congestion prediction [20], decorative architectural parts [21], generating floorplans
[22], and BIM automation [23]. There are ecological applications of generative design, such as decreasing
unnecessary construction waste [24], minimizing greenhouse gas emissions from materials [25], and energy
performance optimization [26]. Generative design is also beneficial in the production stage: mass-
customization [27] and mass-production [28]. In the meantime, parametric design has various applications in
architecture: conservation [29], restoration [30], urbanism [31], landscape planning [32], green building [33],
wind-based design [34], prefabricated buildings [35], wooden structures [36], design exploration [37],
emulate patterns [38], analyzing performance [39], building structure analyses [40], visual comfort [41], and
BIM [8]. It can also help to create less ecological damages: structural efficiency [42], sustainable building
renovation [43], daylighting [44], and energy-efficient building form [45].

There have been several applications of algorithmic design, generative design, and parametric
design in practice. Chen applied algorithmic design principles for generating housing layouts [16]. They
created an algorithmic model to divide an area into different sizes and categories (public, private, and buffer
zones). They visualized the model with the algorithm using Rhinoceros 3D and Grasshopper.

Khan et al. applied generative design for exploring various design shapes [17]. In the beginning, they
established geometric parameters of a CAD model by also considering psycho-physical design metrics. Then,
they generated design alternatives with Euclidean distance-based Sampling Teaching-Learning-Based
Optimization (S-TLBO). The result was varying furniture designs from a single CAD file. Meanwhile, Cruz
implemented a parametric design to reconstruct the dome in the Ex-Oratory San Filippo de Neri [30]. There
were determined geometric parameters to emulate the dome design with Rhinoceros 3D and Grasshopper.

There have been rising trends in computational design for the last ten years. While there are
comparisons of computational design methods [46] and implementations [14], [15], [24], [25], [31], [32],
analyzing trends based on bibliometric analysis can reveal insights into the direction of computational design
advancement based on literature trends. This study aims to identify, analyze, compare, and explain the
development of computational design—generative design, algorithmic design, and parametric design—in
literature to answer several questions: why some trends endure in some areas and what paths the
development will advance. The conclusion then correlates the occurring keywords with further significant
implementations from computational design.

2  RESEARCH METHOD

The research used bibliometric analysis, which is a procedure to present a perceptible summary of
massive quantities of scholarly research [47]. It began with exporting search data from Lens then analyzing
them with VOSviewer to identify co-occurrence of keywords. Lens displayed web search data for scholarly
works. VOSviewer generated visual maps of web search data from Lens to analyze trends in scientific
research. Examining trends need data from a range of years; thus, the search obtained Lens data in ten years
(from 2011 to 2021): generative design in architecture, algorithmic design in architecture, and parametric
design in architecture. The keywords from each search were analyzed and compared to discuss the trends—
the conclusion related the occurring keywords with more consequential applications from computational
design.

3 RESULTS AND DISCUSSION

The research obtains data from Lens. There are 6,467 scholarly works in Generative Design in
Architecture, 68,441 in Algorithmic Design in Architecture, and 13,772 in Parametric Design in Architecture.
VOSviewer then generates the overlay visualization of keywords co-occurrence from the search data (Figure
1, Figure 2, and Figure 3).
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Figure 1. The average citation of generative design in architecture

Figure 1 shows the overlay visualization of the average citation of generative design in architecture.
The most cited keywords related to architecture with the most network are machine learning, deep learning,
artificial intelligence, convolutional neural network, reinforcement learning, and generative adversarial
network.
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Figure 2. The average citation of algorithmic design in architecture
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Figure 2 shows the overlay visualization of the average citation of algorithmic design in architecture.
The most cited keywords related to architecture with the most network are machine learning, deep learning,
artificial intelligence, convolutional neural network, and computational modeling.
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Figure 3. The average citation of parametric design in architecture

Figure 3 shows the overlay visualization of the average citation of parametric design in architecture.
The most cited keywords related to architecture with the most network are machine learning, deep learning,
artificial intelligence, and convolutional neural network. Primary keywords constantly appear in all three
search data: artificial intelligence, artificial neural network, computational modeling, convolutional neural
network, graph theory, machine learning, recurrent neural network, and reinforcement learning.
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Figure 4. The re-occurring keywords

Some keywords are closely related to one another and form groups (Figure 4). One group constitutes
artificial intelligence technology: artificial neural network, convolutional neural network, and recurrent
neural network. Artificial intelligence (Al) is a computer science technology that performs tasks efficiently and
ethically with algorithms [48]. The artificial neural network (ANN) is a computing operation that imitates the
brains' cell system [49]. Meanwhile, the convolutional neural network uses a backpropagation algorithm for
identifying spatial hierarchies [50]. The recurrent neural network uses safe indicator sensors to assess
conditions [51], enhance precision [52], and foretell the coming words [53]. Meanwhile, the co-occurrence
of these keywords displays a significant role of Al in these computational design categories. Al aids designers
to add specific functions to produce their design accurately with identifying correct algorithms in generative
& algorithmic design and parameters in parametric design.

Other keywords discuss machine learning consisting of supervised learning and reinforcement
learning (Figure 4). Machine learning is a domain of computer science that permits computers to learn

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture

(Brigitta Michelle)



Journal of Artificial Intelligence in Architecture 34

without explicitly programmed and resolve certain obstacles [54]. Meanwhile, supervised learning is a part
of machine learning in which it detects and links data based on examples [55]. Reinforcement learning is an
unsupervised learning approach of interact-feedback (trial-and-error) in real-time [56] to adapt procedures
for decision-making difficulties [57]. Machine learning also aids designers in accurately designing their
projects by identifying and implementing correct algorithms and parameters.

Meanwhile, there are keywords related to computation: computational modeling and graph theory
(Figure 4). Computational modeling is a virtual workroom [58] that allows users to revise various prospects
and examine chosen scenarios [59]. Graph theory is an efficient modeling, analysis, and computational
method [60] for a broad spectrum of connected systems [61]. Computation is apparent in generative design,
algorithmic design, and parametric design because it is the way algorithms and parameters are encoded to
be readable by computers while applied in software.

Computational Design

algorithmic design and algorithmic design and generative design and

parametric design parametric design

generative design

generative adversarial ltransfer learning I l unsupervised learning I l Bayesian inferencel l deep learning I l computer vision
networks

-

Figure 5. The re-occurring keywords in related to each computational design

Meanwhile, there are keywords in different computational design categories (Figure 5). Three
keywords appear in the algorithmic and generative design: generative adversarial networks, transfer learning,
and unsupervised learning. Two keywords (Bayesian inference and deep learning) appear in generative and
parametric designs. One keyword, computer vision, appears in algorithmic design and parametric design. The
re-occurring keywords display the relationship with each computational design category. Algorithmic design
and generative design are closely related to others. Moreover, the re-occurring keywords can generally be
applied to others under the computational criteria.

The generative adversarial network (GAN) appears in algorithmic design and generative design
(Figure 5). It is a model that consists of generator and discriminator networks [62]. Generator networks
produce images, and discriminator networks select ideal images to form expected data [63]. The technology
can generate detailed pictures with just simple strokes. The algorithm in algorithmic design and generative
design can apply GAN.

Transfer learning also appears in algorithmic and generative designs (Figure 5). It is a means of
reusing a previously implanted model knowledge for different tasks to classify and regress data [64]. This
mechanism allows the design to be more precise according to the designers' needs by basing the algorithm
on another model knowledge. Moreover, algorithmic and generative design algorithms provide a possible
way to do it.

Unsupervised learning also appears in algorithmic and generative designs (Figure 5). It is a way of
educating algorithms to detect unknown structures in unlabeled data [65] by employing unclassified and
unlabeled information and enabling it to operate without supervision [66]. In addition, the mechanism is
helpful to decrease designers' involvement in managing some algorithms and data; thus, decluttering some
processes.

Meanwhile, Bayesian inference occurs in generative and parametric designs (Figure 5). It isa manner
of limiting hypotheses, so the remaining ones can accurately interpret data [67] by replacing previous
information based on observational data [68]. Furthermore, it eases the computational analyses by reducing
unnecessary processes. Generative and parametric designs can have various algorithms and parameters
according to designers' needs, and Bayesian inference helps compute efficiently.
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Deep learning also appears in generative and parametric designs (Figure 5). It is a collection of
machine learning procedures that apply multilayered neural networks to analyze signals or data automatically
[69]; thus, it is the most efficient, controlled, time-efficient, and cost-efficient machine learning method [70].
Moreover, the procedure helps to find data and generate more detailed designs using algorithms in
generative design and parameters in parametric design.

Meanwhile, computer vision appears in algorithmic and parametric designs (Figure 5). It is a field
that encompasses features of pictures and videos processing, which artificial visual systems implement for
programmed scene examination, presentation, and perception [71]. Computer vision helps designers
examine visual data for computational processes while creating algorithmic design and parametric design.

additive manufacturing }—\
visual 3D re(cnstruction]—\

cloud computing '7

computational fluid
dynamics
R algorithmic design -~ N b
(— generative design image segmentation
internet-of-things '7

Computational Design 4&
{photogrammeny Ii ~ parametric design
risk assessment}—J
{wrtual reality)—/

Figure 6. The re-occurring keywords in each computational design category

Some specific keywords appear in each category (Figure 6). Keywords majorly appear in the
algorithmic design because it has much more scholarly work search data (68,441) compared to generative
design (6,467) and parametric design (13,772). Nonetheless, they have the potential to be applied to each
category.

Some keywords in algorithmic design (Figure 6) relate to the internet development (cloud computing
and Internet-of-Things) and others to visualization (visual 3D reconstruction and photogrammetry). Cloud
computing is an internet-based operation with an on-demand ability to share data with different devices [72].
Internet-of-Things (loT) is the technology that connects electronic appliances to the Internet and other
devices [73]. Meanwhile, visual 3D reconstruction is a procedure in computer vision that reconstructs scenes
in 3D from pictures [74]. Photogrammetry is a metric imaging technique that permits digital reconstruction
of a real object in 3D [75]. The internet technological advancement brings new possibilities for current
functions, while visualization technology aids designers in generating digital reconstructions. Thus, they are
equally relevant for helping designers.

On the other hand, other keywords in algorithmic design (Figure 6) also show implementations in
multiple fields: additive manufacturing, virtual reality, computational fluid dynamics, and risk assessment.
Additive manufacturing is a method that produces as-designed formations [76] by constructing consecutive
layers of material [77] and is regularly acknowledged as 3D Printing [78]. Virtual reality (VR) is a three-
dimensional technology where users can experience the virtual world with various senses [79], while it can
automatically identify users' inputs and adjust the virtual world [80]. Computational Fluid Dynamics (CFD) is
a systematic examination that interprets and investigates fluid flow obstacles with computer simulation [81].
Meanwhile, risk assessment is a method that involves three steps: risk identification, analysis, and assessment
which presents a foundation for risk management [82]. They have equally significant functions in
computational design.

Other keywords appear in generative design and parametric design. Image segmentation appears in
the generative design search result (Figure 6), and it is the method of dividing a picture into more notable
representations [83]. On the other hand, the visual search appears in the parametric design search result
(Figure 6). It is a perceptual task to identify a search target object among other objects by following and
interpreting a person's overt behavioral cues [84]. It is helpful for the deep learning image segmentation
model to generate natural scenes. The functions equally serve a notable role in design and visualization.
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Generally, the emerging trends in algorithmic design, generative design, and parametric design are
artificial intelligence, computation, machine learning, visualization, and internet technology. They help
designers generate their projects based on parameters and algorithms. Artificial intelligence and machine
learning simplify the design process in computational design. Computation, internet technology, and
visualization produce new possibilities and functionalities for designers. While automation may be a problem
for designers, certain functions can benefit them. Designers should decide what should be automated and
better as a manual task [85]. It can help them design faster and more efficiently if they understand applying
certain technology advancements. In the end, the integration of technology and design processes can
generate more satisfying designs if implemented wisely by designers.

4  CONCLUSION

Each computational design category has different numbers of keywords because it correlates with
the number of search results. The parametric design had the most search result on The Lens, while algorithmic
design had the least number of search results; hence, the parametric design had the most keywords appear
in the analysis. Several themes emerge from the analysis, including artificial intelligence, computation,
machine learning, visualization, and internet technology. Technology advancements should not be a
hindrance to designers. Meanwhile, automation can be an obstruction to designers if not treated wisely.
Artificial intelligence can be beneficial for architects to help generate solutions to complex and layered
problems. Computers can generate vast possibilities to answer design issues with the help of algorithms and
parameters. It is vital to decide what should be automated and better as a manual task. In conclusion,
technology integration can produce more satisfying designs if executed intelligently. The trend analysis needs
to be continued in other computational design categories to find continuity in the findings.

There were several limitations in this study. The bibliometric analysis might not be accurate to
determine occurring trends in the architectural practice. Research explores possibilities, while the current
architectural practice may not widely apply the findings yet. Meanwhile, the scholarly work data might have
included studies in other fields (for instance, health or IT), as the search results were more than 1,000 in each
category. It also might affect the keywords generated in the study, especially less mentioned keywords. There
is a need for more studies regarding trends in computational design to foresee the direction of future
research in architecture.

ACKNOWLEDGEMENTS
The authors would like to thank Universitas Atma Jaya Yogyakarta, Indonesia, for their research
support.

REFERENCES

[1] S. Hatzellis, "Formal Complexity in Digital Architecture," in Digital Architecture and Construction, A. Ali and C. A.
Brebbia, Eds. Southampton: WIT Press, 2006, pp. 51-58.

[21 M. Burry, Scripting Cultures: Architectural Design and Programming, 1st ed. Hoboken, NJ: John Wiley & Sons, Inc.,
2011.

[31 C. Angeli and M. Giannakos, "Computational thinking education: Issues and challenges," Comput. Human Behav.,
vol. 105, p. 106185, 2020, DOI: https://doi.org/10.1016/j.chb.2019.106185.

[4]  P. Kyratsis, "Computational Design and Digital Manufacturing Applications," Int. J. Mod. Manuf. Technol., vol. 12,
no. 1, pp. 82-91, 2020.

[5] L. Moretti, “Ricerca matematica in architettura e urbanistica,” Moebius, vol. 4, no. 1. pp. 30-53, 1971.

[6]  W.J. Mitchell, "The theoretical foundation of computer-aided architectural design," Environ. Plan. b Plan. Des., vol.
2, no. 2, pp. 127-150, 1975.

[71 K. Terzidis, Expressive form: A conceptual approach to computational design. Routledge, 2003.

[8] W. Wahbeh, "Building skins, parametric design tools, and BIM platforms," in Conference Proceedings of the 12th
Conference of Advanced Building Skins, 2017, pp. 1104-1111.

[9] S.Jang and N. Kang, "Generative Design by Reinforcement Learning: Maximizing Diversity of Topology Optimized
Designs," ArXiv, vol. abs/2008.0, 2020.

[10] M. Sammer, A. Leitdo, and |. Caetano, "From Visual Input to Visual Output in Textual Programming," in Intelligent
& Informed - Proceedings of the 24th CAADRIA Conference - Volume 1, 2019, pp. 645—654.

[11] 1. Caetano, L. Santos, and A. Leitdo, "Computational design in architecture: Defining parametric, generative, and
algorithmic  design,"  Front.  Archit. Res., vol. 9, no. 2, pp. 287-300, 2020, DOI:
https://doi.org/10.1016/j.foar.2019.12.008.

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture
(Brigitta Michelle)



Journal of Artificial Intelligence in Architecture 37

(12]

(13]
(14]

(15]

[16]
(17]

(18]

(19]

[20]

[21]

[22]

(23]

[24]

[25]

(26]

(27]

(28]

(29]

(30]
(31]

[32]
[33]
[34]
[35]

(36]

Cambridge University Press, "ALGORITHM | meaning in the Cambridge English Dictionary," Cambridge Dictionary |
English Dictionary, Translations & Thesaurus, 2021. https://dictionary.cambridge.org/dictionary/english/algorithm
(accessed Aug. 30, 2021).

Cambridge University Press, "PARAMETER | meaning in the Cambridge English Dictionary," 2021.
https://dictionary.cambridge.org/dictionary/english/parameter (accessed Aug. 30, 2021).

M. [Skidmore Guerguis Owings & Merrill LLP, Chicago, IL (United States)] et al., "Algorithmic design for 3D printing
at building scale," 2017.

I. Caetano, S. Garcia, I. Pereira, and A. Leitdo, "Creativity Inspired by Analysis - an algorithmic design system for
designing structurally feasible fagades," in Anthropocene, Design in the Age of Humans - Proceedings of the 25th
CAADRIA Conference - Volume 1, 2020, pp. 599-608.

C.-Y. Chen, “Algorithmic design for residential housing concept: Cologne-Milheim,” Institut fir Architektur und
Entwerfen, 2020.

S. Khan, E. Gunpinar, M. Moriguchi, and H. Suzuki, "Evolving a Psycho-Physical Distance Metric for Generative
Design Exploration of Diverse Shapes," J. Mech. Des., vol. 141, no. 11, Sep. 2019, DOI: 10.1115/1.4043678.

E. Ronagh and A. K. Mohammadjavad Mahdavinejad, "A New Paradigm in Generative Design Linking Parametric
Architecture and Music to Form Finding," in Architecture in the Age of Disruptive Technologies: Transformations
and Challenges [9th ASCAAD Conference Proceedings], 2021, pp. 227--240.

A. Chokhachian, K. Perini, S. Giulini, and T. Auer, "Mathematical Generative Approach on Performance-Based Urban
Form Design," 2017.

D. Nagy, L. Villaggi, J. Stoddart, and D. Benjamin, "The Buzz Metric: A Graph-based Method for Quantifying
Productive Congestion in Generative Space Planning for Architecture," Technol. + Des., vol. 1, no. 2, pp. 186—195,
Nov. 2017, doi: 10.1080/24751448.2017.1354617.

Y. Zhang, C. C. Ong, J. Zheng, S.-T. Lie, and Z. Guo, "Generative design of decorative architectural parts," Vis.
Comput., 2021, DOI: 10.1007/s00371-021-02142-1.

D. Nagy, L. Villaggi, D. Zhao, and D. Benjamin, "Beyond Heuristics: A Novel Design Space Model for Generative Space
Planning in Architecture," in ACADIA 2017: DISCIPLINES & DISRUPTION [Proceedings of the 37th Annual Conference
of the Association for Computer-Aided Design in Architecture (ACADIA)], 2017, pp. 436--445.

F. Banfi, S. Fai, and R. Brumana, "BIM AUTOMATION: ADVANCED MODELING GENERATIVE PROCESS FOR COMPLEX
STRUCTURES," ISPRS Ann. Photogramm. Remote Sens. Spat. Inf. Sci., vol. IV-2/W2, pp. 9-16, 2017, DOI:
10.5194/isprs-annals-1V-2-W2-9-2017.

S. Banihashemi, A. Tabadkani, and M. R. Hosseini, "Modular Coordination-based Generative Algorithm to Optimize
Construction Waste," Procedia Eng., vol. 180, pp. 631-639, 2017, DOI:
https://doi.org/10.1016/j.proeng.2017.04.222.

L. G. Caldas, "An evolution-based generative design system : using adaptation to shape architectural form,"
Massachusetts Institute of Technology, 2001.

E. Touloupaki and T. Theodosiou, "Energy Performance Optimization as a Generative Design Tool for Nearly Zero
Energy Buildings," Procedia Eng., vol. 180, pp. 1178-1185, 2017, DOI:
https://doi.org/10.1016/j.proeng.2017.04.278.

G. P. Monizza, E. Rauch, and D. T. Matt, "Parametric and Generative Design Techniques for Mass-Customization in
Building Industry: A Case Study for Glued-Laminated Timber," Procedia CIRP, vol. 60, pp. 392-397, 2017, DOI:
https://doi.org/10.1016/j.procir.2017.01.051.

G. Pasetti Monizza, C. Bendetti, and D. T. Matt, "Parametric and Generative Design techniques in mass-production
environments as effective enablers of Industry 4.0 approaches in the Building Industry," Autom. Constr., vol. 92,
pp. 270-285, 2018, DOI: https://doi.org/10.1016/j.autcon.2018.02.027.

J. Park, "BIM-Based Parametric Design Methodology for Modernized Korean Traditional Buildings," J. Asian Archit.
Build. Eng., vol. 10, no. 2, pp. 327-334, Nov. 2011, doi: 10.3130/jaabe.10.327.

L. Cruz, "Parametric design in the restoration project," Gremium®, vol. 6, no. 12, pp. 102-115, 2019.

O. Galiskan, "Parametric Design in Urbanism: A Critical Reflection," Plan. Pract. Res., vol. 32, no. 4, pp. 417-443,
Aug. 2017, DOI: 10.1080/02697459.2017.1378862.

J. Jia, "Computer-Aided Design Method of Parametric Model for Landscape Planning," Comput. Des. Appl., vol. 19,
no. S3, pp. 55-64, 2022, DOI: 10.14733/cadaps.2022.S3.

M. Zhang, "The applications of parametric design in green building," IOP Conf. Ser. Earth Environ. Sci., vol. 567, p.
12033, 2020, DOI: 10.1088/1755-1315/567/1/012033.

L. KaboSova, D. Katunsky, and S. Kmet, "Wind-Based Parametric Design in the Changing Climate," Applied Sciences,
vol. 10, no. 23. 2020, DOI: 10.3390/app10238603.

Z.Yuan, C. Sun, and Y. Wang, "Design for Manufacture and Assembly-oriented parametric design of prefabricated
buildings," Autom. Constr., vol. 88, pp. 13—-22, 2018, DOI: https://doi.org/10.1016/j.autcon.2017.12.021.

G. F.Y.Caymaz, S. Yardimli, B. O. Turan, and A. Tarim, "Wooden Structures within the Context of Parametric Design:
Pavilions and Seatings in Urban Landscape," J. Archit. Res. Dev., vol. 2, no. 3, pp. 34-54, 2018, DOI:
10.26689/jard.v2i3.401.

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture
(Brigitta Michelle)



Journal of Artificial Intelligence in Architecture 38

(37]
(38]
(39]

[40]

(41]

[42]

[43]
[44]

[45]

[46]
[47]
(48]

[49]

(50]

(51]

(52]

(53]

(54]
(55]

(56]

(57]

(58]

(59]

(60]

I. Gursel Dino, "Creative design exploration by parametric generative systems in architecture," METU J. Fac. Archit.,
vol. 29, pp. 207-224, Jan. 2012, DOI: 10.4305/METU.JFA.2012.1.12.

R. Yu and J. S. Gero, "An empirical basis for the use of design patterns by architects in parametric design," Int. J.
Archit. Comput., vol. 14, no. 3, pp. 289-302, Aug. 2016, DOI: 10.1177/1478077116663351.

L. D. Kiraz and T. Kocaturk, "Integrating User-Behaviour as Performance Criteria in Conceptual Parametric Design,"
in Intelligent & Informed - Proceedings of the 24th CAADRIA Conference - Volume 1, 2019, pp. 215-224.

J. Vazquez-Rodriguez, D. Otero-Chans, J. Estévez-Cimadevila, E. Martin-Gutiérrez, and F. Suarez-Riestra,
“Parametric design and analysis of building structures in the Architecture School of A Coruia,” in Structures and
Architecture: Bridging the Gap and Crossing Borders. Proceedings of the Fourth International Conference on
Structures and Architecture (ICSA 2019), July 24-26, 2019, Lisbon, Portugal, 2019, p. 6.

R. M. EIBatran and W. S. E. Ismaeel, "Applying a parametric design approach for optimizing daylighting and visual
comfort in office buildings," Ain Shams Eng. J., 2021, DOI: https://doi.org/10.1016/j.asej.2021.02.014.

A. Ardekani, I. Dabbaghchian, M. Alaghmandan, M. Golabchi, S. M. Hosseini, and S. R. Mirghaderi, "Parametric
design of diagrid tall buildings regarding structural efficiency," Archit. Sci. Rev., vol. 63, no. 1, pp. 87-102, Jan. 2020,
DOI: 10.1080/00038628.2019.1704395.

S. D’Urso and B. Cicero, “From the Efficiency of Nature to Parametric Design. A Holistic Approach for Sustainable
Building Renovation in Seismic Regions," Sustainability, vol. 11, no. 5. 2019, DOI: 10.3390/su11051227.

A. Eltaweel and Y. Su, "Parametric design and daylighting: A literature review," Renew. Sustain. Energy Rev., vol.
73, pp. 1086—-1103, 2017, DOI: https://doi.org/10.1016/j.rser.2017.02.011.

E. Touloupaki and T. Theodosiou, "Optimization of Building form to Minimize Energy Consumption through
Parametric Modelling," Procedia Environ. Sci., vol. 38, pp. 509-514, 2017, DOI:
https://doi.org/10.1016/j.proenv.2017.03.114.

D. Fedchun and R. Tlusty, "The comparative analysis of the methods of parametric, informational and generative
architectural design." Zenodo, Mar. 2018, DOI: 10.5281/zenodo.1196721.

K. van Nunen, J. Li, G. Reniers, and K. Ponnet, "Bibliometric analysis of safety culture research," Saf. Sci., vol. 108,
pp. 248-258, 2018, DOI: https://doi.org/10.1016/j.ssci.2017.08.011.

W. J. Rapaport, "What Is Artificial Intelligence?," J. Artif. Gen. Intell., vol. 11, no. 2, pp. 52-56, 2020, DOI:
10.2478/jagi-2020-0003.

S. M. Khan, S. A. Malik, N. Gull, S. Saleemi, A. Islam, and M. T. Z. Butt, "Fabrication and modelling of the macro-
mechanical properties of cross-ply laminated fiber-reinforced polymer composites using artificial neural network,"
Adv. Compos. Mater., vol. 28, no. 4, pp. 409-423, Jul. 2019, DOI: 10.1080/09243046.2019.1573448.

R. Yamashita, M. Nishio, R. K. G. Do, and K. Togashi, "Convolutional neural networks: an overview and application
in radiology," Insights Imaging, vol. 9, no. 4, pp. 611-629, 2018, DOI: 10.1007/s13244-018-0639-9.

M. Woizniak, M. Wieczorek, J. Sitka, and D. Potap, “Body Pose Prediction Based on Motion Sensor Data and
Recurrent Neural Network,” IEEE Trans. Ind. Informatics, vol. 17, no. 3, pp. 2101-2111, 2021, doi:
10.1109/TI11.2020.3015934.

R. Parthiban, R. Ezhilarasi, and D. Saravanan, "Optical Character Recognition for English Handwritten Text Using
Recurrent Neural Network," in 2020 International Conference on System, Computation, Automation, and
Networking (ICSCAN), 2020, pp. 1-5, DOI: 10.1109/ICSCAN49426.2020.9262379.

Z. Shi, M. Shi, and C. Li, "The prediction of character based on recurrent neural network language model," in 2017
IEEE/ACIS 16th International Conference on Computer and Information Science (ICIS), 2017, pp. 613-616, DOI:
10.1109/1CIS.2017.7960065.

D. Sharma and N. Kumar, "Review on Machine Learning Algorithms, Tasks, and Applications," Int. J. Adv. Res.
Comput. Eng. Technol., vol. 6, no. 10, pp. 1548-1552, 2017.

L. Zdeborovd, "Understanding deep learning is also a job for physicists," Nat. Phys., vol. 16, no. 6, pp. 602—-604,
2020, DOI: 10.1038/s41567-020-0929-2.

C. Chen, X.-Q. Chen, F. Ma, X.-J. Zeng, and J. Wang, "A knowledge-free path planning approach for smart ships based
on reinforcement learning," Ocean Eng., vol. 189, p. 106299, 2019, DOI:
https://doi.org/10.1016/j.0ceaneng.2019.106299.

C. Fang, C. Cheng, Z. Tang, and C. Li, "Research on Routing Algorithm Based on Reinforcement Learning in SDN," J.
Phys. Conf. Ser., vol. 1284, p. 12053, 2019, DOI: 10.1088/1742-6596/1284/1/012053.

P. Grifoni, A. D'ulizia, and F. Ferri, "When Language Evolution Meets Multimodality: Current Status and Challenges
Toward Multimodal Computational Models," [EEE Access, vol. 9, pp. 35196-35206, 2021, DOI:
10.1109/ACCESS.2021.3061756.

A. Hulme et al., "Using Computational Modelling for Sports Injury Prevention: Agent-Based Modelling and System
Dynamics Modelling," in Human Factors and Ergonomics in Sport, 1st Editio., P. M. Salmon, S. McLean, C. Dallat, N.
Mansfield, C. Solomon, and A. Hulme, Eds. Boca Raton, FL, USA: CRC Press, 2020, p. 22.

W. Gao, H. Wu, M. K. Siddiqui, and A. Q. Baig, "Study of biological networks using graph theory," Saudi J. Biol. Sci.,
vol. 25, no. 6, pp. 1212-1219, 2018, DOI: https://doi.org/10.1016/].sjbs.2017.11.022.

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture
(Brigitta Michelle)



Journal of Artificial Intelligence in Architecture 39

(61]

[62]
(63]
(64]
(65]
[66]
(67]

(68]

(69]

[70]

[71]
[72]
(73]

[74]

[75]

(76]

(77]

(78]

(79]

[80]
[81]
[82]
[83]
[84]

(85]

C. Easttom, "On the Application of Algebraic Graph Theory to Modeling Network Intrusions," in 2020 10th Annual
Computing and Communication Workshop and Conference (CCWC), 2020, pp. 424-430, DOI:
10.1109/CCWC47524.2020.9031224.

R. Xu, Z. Zhou, W. Zhang, and Y. Yu, "Face Transfer with Generative Adversarial Network." 2017.

J. Tan, L. Jing, Y. Huo, L. Li, O. Akin, and Y. Tian, "LGAN: Lung segmentation in CT scans using generative adversarial
network," Comput. Med. Imaging Graph., vol. 87, p. 101817, 2021, DOI:
https://doi.org/10.1016/j.compmedimag.2020.101817.

S. Tammina, "Transfer learning using VGG-16 with Deep Convolutional Neural Network for Classifying Images," Int.
J. Sci. Res. Publ., vol. 9, no. 10, pp. 143—-150, 2019.

J. Alzubi, A. Nayyar, and A. Kumar, "Machine Learning from Theory to Algorithms: An Overview," J. Phys. Conf. Ser.,
vol. 1142, p. 12012, 2018, DOI: 10.1088/1742-6596/1142/1/012012.

H. Q. EI-Mashharawi, S. S. Abu-Naser, I. A. Alshawwa, and M. Elkahlout, "Grape Type Classification Using Deep
Learning," Int. J. Acad. Eng. Res., vol. 3, no. 12, pp. 41-45, 2020.

S. Shinohara et al., "A new method of Bayesian causal inference in non-stationary environments," PLoS One, vol.
15, no. 5, p. e0233559, May 2020.

H. Zhao, B. Chen, S. Li, Z. Li, and C. Zhu, "Updating the models and uncertainty of mechanical parameters for rock
tunnels using Bayesian inference," Geosci. Front.,, vol. 12, no. 5, p. 101198, 2021, DOI:
https://doi.org/10.1016/j.gsf.2021.101198.

K. de Haan, Y. Rivenson, Y. Wu, and A. Ozcan, "Deep-Learning-Based Image Reconstruction and Enhancement in
Optical Microscopy," Proc. IEEE, vol. 108, no. 1, pp. 30-50, 2020, DOI: 10.1109/JPROC.2019.2949575.

S. Dargan, M. Kumar, M. R. Ayyagari, and G. Kumar, "A Survey of Deep Learning and Its Applications: A New
Paradigm to Machine Learning," Arch. Comput. Methods Eng., vol. 27, no. 4, pp. 1071-1092, 2020, DOI:
10.1007/s11831-019-09344-w.

M. Hassaballah and K. M. Hosny, Recent advances in computer vision : theories and applications. Cham: Springer,
2019.

I. Ahmed, "A brief review: security issues in cloud computing and their solutions," TELKOMNIKA, vol. 17, no. 6, pp.
2812-2817, 2019, DOI: 10.12928/TELKOMNIKA.v17i6.12490.

A. Tiwary, M. Mahato, A. Chidar, M. K. Chandrol, M. Shrivastava, and M. Tripathi, "Internet of Things (IoT): Research,
Architectures and Applications," Int. J. Futur. Revolut. Comput. Sci. Commun. Eng., vol. 4, no. 3, pp. 23-27, 2018.
Q. An and Y. Shen, "Camera Configuration Design in Cooperative Active Visual 3d Reconstruction: A Statistical
Approach," in ICASSP 2020 - 2020 IEEE International Conference on Acoustics, Speech and Signal Processing
(ICASSP), 2020, pp. 2473-2477, DOI: 10.1109/ICASSP40776.2020.9054183.

J. Guery, M. Hess, and A. Mathys, "Photogrammetry," in Digital Techniques for Documenting and Preserving Cultural
Heritage, A. Bentkowska-Kafel and L. MacDonald, Eds. Amsterdam University Press, 2018, pp. 229-236.

J. Zhu, H. Zhou, C. Wang, L. Zhou, S. Yuan, and W. Zhang, "A review of topology optimization for additive
manufacturing: Status and challenges," Chinese J. Aeronaut., vol. 34, no. 1, pp. 91-110, 2021, DOI:
https://doi.org/10.1016/j.cja.2020.09.020.

C. Zaharia et al., "Digital Dentistry—3D Printing Applications," J. Interdiscip. Med., vol. 2, no. 1, pp. 50-53, 2017,
DOI: 10.1515/jim-2017-0032.

B. K. Nagesha, V. Dhinakaran, M. Varsha Shree, K. P. Manoj Kumar, D. Chalawadi, and T. Sathish, "Review on
characterization and impacts of the lattice structure in additive manufacturing," Mater. Today Proc., vol. 21, pp.
916-919, 2020, DOI: https://doi.org/10.1016/j.matpr.2019.08.158.

M. Pittara, M. Matsangidou, K. Stylianides, N. Petkov, and C. S. Pattichis, "Virtual Reality for Pain Management in
Cancer: A Comprehensive Review," [EEE Access, vol. 8, pp. 225475-225489, 2020, DOI:
10.1109/ACCESS.2020.3044233.

R. D. Gandhi and D. S. Patel, "Virtual Reality — Opportunities and Challenges," Int. Res. J. Eng. Technol., vol. 5, no. 1,
pp. 482-490, 2018.

R. K. Raman, Y. Dewang, and J. Raghuwanshi, "A review on applications of computational fluid dynamics," Int. J.
LNCT, vol. 2, no. 6, pp. 137-143, 2018.

N. Li, L. Hu, A. Jin, and J. Li, "Biosafety laboratory risk assessment," J. Biosaf. Biosecurity, vol. 1, no. 2, pp. 90-92,
2019, DOI: https://doi.org/10.1016/j.jobb.2019.01.011.

S. S. Lomte and A. P. Janwale, "Plant Leaves Image Segmentation Techniques: A Review," Int. J. Comput. Sci. Eng.,
vol. 5, no. 5, pp. 147-150, 2017.

M. Barz, S. Stauden, and D. Sonntag, "Visual Search Target Inference in Natural Interaction Settings with Machine
Learning," 2020, DOI: 10.1145/3379155.3391314.

A. Nordin, "Challenges in the industrial implementation of generative design systems: An exploratory study," Artif.
Intell. Eng. Des. Anal. Manuf., vol. 32, no. 1, pp. 16-31, 2018, DOI: DOI: 10.1017/S0890060416000536.

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture
(Brigitta Michelle)



Journal of Artificial Intelligence in Architecture 40

BIOGRAPHIES OF AUTHORS

Brigitta Michelle

Brigitta Michelle is enrolled in the graduate architecture program at Universitas Atma Jaya
Yogyakarta

Maria Putri
Gemilang

Maria Putri Gemilang currently works in Vastu Cipta Persada

A Bibliometric Analysis of Generative Design, Algorithmic Design, and Parametric Design in Architecture

(Brigitta Michelle)




	document (4)



